DAFTAR PUSTAKA

Angelov, D. (2020). Top2Vec: Distributed Representations of Topics. 1-25.
http://arxiv.org/abs/2008.09470

Blei, D. M., Ng, A. Y., & Jordan, M. I. (2003). Latent Dirichlet Allocation. The Journal of
Machine Learning Research, 3(4), 993—1022. https://doi.org/10.2307/3050792

Bozhanova, K., Dinkov, Y., Koychev, 1., Castaldo, M., Venturini, T., & Nakov, P. (2021).
Predicting the Factuality of Reporting of News Media Using Observations About User
Attention in Their YouTube Channels. International Conference Recent Advances in
Natural Language Processing, RANLP, 182—189. https://doi.org/10.26615/978-954-
452-072-4 022

Burgess, J., & Green, J. (2018). YouTube (Digital Media and Society) (Vol. 32, Issue 3).
Wiley.

Campello, R. J. G. B., Moulavi, D., & Sander, J. (2013). Density-based clustering based on
hierarchical density estimates. Lecture Notes in Computer Science (Including Subseries

Lecture Notes in Artificial Intelligence and Lecture Notes in Bioinformatics), 7819
LNAI(PART 2), 160—172. https://doi.org/10.1007/978-3-642-37456-2 14

Cer, D., Yang, Y., Kong, S. yi, Hua, N., Limtiaco, N., St. John, R., Constant, N., Guajardo-
Céspedes, M., Yuan, S., Tar, C., Sung, Y. H., Strope, B., & Kurzweil, R. (2018).
Universal sentence encoder for English. EMNLP 2018 - Conference on Empirical
Methods in Natural Language Processing: System Demonstrations, Proceedings, 169—
174. https://doi.org/10.18653/v1/d18-2029

Chen, B., Shvetsova, N., Rouditchenko, A., Kondermann, D., Thomas, S., Chang, S., Feris,
R., Glass, J., & Kuehne, H. (2024). What, When, and Where? Self-Supervised Spatio-
Temporal Grounding in Untrimmed Multi-Action Videos from Narrated Instructions.
Proceedings of the IEEE/CVF Conference on Computer Vision and Pattern
Recognition (CVPR), 18419--18429.
https://doi.org/https://doi.org/10.48550/arXiv.2303.16990

Chen, L., Niu, Y., Chen, B., Lin, X., Han, G., Thomas, C., Ayyubi, H., Ji, H., & Chang, S.
(2022). Weakly-Supervised Temporal Article Grounding. 9402-9413.
Cisco  Systems. (2022). Cisco  Annual  Internet  Report  (2018-2023).

https://www.cisco.com/c/en/us/solutions/executive-perspectives/annual-internet-
report/index.html

Depoix, J. (n.d.). youtube-transcript-api. GitHub. Retrieved May 17, 2026, from
https://github.com/jdepoix/youtube-transcript-api

Devlin, J., Chang, M. W, Lee, K., & Toutanova, K. (2019). BERT: Pre-training of deep
bidirectional transformers for language understanding. NAACL HLT 2019 - 2019
Conference of the North American Chapter of the Association for Computational
Linguistics: Human Language Technologies - Proceedings of the Conference, 1,4171—
4186.

Egger, R., & Yu, J. (2022). A Topic Modeling Comparison Between LDA, NMF, Top2Vec,
and BERTopic to Demystify Twitter Posts. Frontiers in Sociology, 7(May), 1-16.
https://doi.org/10.3389/fsoc.2022.886498

Févotte, C., & Idier, J. (2011). Algorithms for nonnegative matrix factorization with the -
divergence. Neural Computation, 23(9), 2421-2456.
https://doi.org/10.1162/NECO _a 00168

95



Gao, H., Wang, R., Lin, T.-E., Wu, Y., Yang, M., Huang, F., & Li, Y. (2023). Unsupervised
Dialogue Topic Segmentation with Topic-aware Utterance Representation. In
Proceedings of the 46th International ACM SIGIR Conference on Research and
Development in Information Retrieval (SIGIR °23). Association for Computing
Machinery. https://doi.org/10.1145/3539618.3592081

Gao, J., Sun, C., Yang, Z., & Nevatia, R. (2017). TALL: Temporal Activity Localization via
Language Query. Proceedings of the IEEE/CVF International Conference on Computer
Vision (ICCV), 5267-5275. https://doi.org/https://doi.org/10.48550/arXiv.1705.02101

Google. (n.d.). YouTube Data API. Google for Developers. Retrieved May 17, 2026, from
https://developers.google.com/youtube/v3

Grootendorst, M. (2022). BERTopic: Neural topic modeling with a class-based TF-IDF
procedure.

Haddji, E., Liu, X., & Shi, Y. (2013). The role of text pre-processing in sentiment analysis.
Procedia Computer Science, 17,26-32. https://doi.org/10.1016/j.procs.2013.05.005

Hearst, M. A. (1997). TextTiling: Segmenting text into multi-paragraph subtopic passages.

Computational Linguistics, 23(1), 33-64.
http://dl.acm.org/citation.cfm?id=972687%5Cnhttp://dl.acm.org/citation.cfm?id=9726
84.972687

Hendricks, L. A., Wang, O., Shechtman, E., Sivic, J., Darrell, T., & Russell, B. (2018).
Localizing Moments in Video with Natural Language. European Conference on
Computer Vision (ECCV), 5803-5812.
https://doi.org/https://doi.org/10.48550/arXiv.1708.01641

Hu, C., Liang, Q., Luo, N., & Lu, S. (2023). Topic-Clustering Model with Temporal
Distribution for Public Opinion Topic Analysis of Geospatial Social Media Data.

Jurafsky, D., & Martin, J. H. (2020). Speech and Language Processing: An Introduction to
Natural Language Processing, Computational Linguistics, and Speech Recognition
with Language Models (3rd Editio). Prentice Hall.
https://web.stanford.edu/~jurafsky/slp3/

Khodeir, N., & Elghannam, F. (2025). Efficient topic identification for urgent MOOC Forum
posts using BERTopic and traditional topic modeling techniques. Education and
Information Technologies, 30(5), 5501-5527. https://doi.org/10.1007/s10639-024-
13003-4

Koshorek, O., Cohen, A., Mor, N., Rotman, M., & Berant, J. (2018). Text segmentation as a
supervised learning task. NAACL HLT 2018 - 2018 Conference of the North American
Chapter of the Association for Computational Linguistics: Human Language
Technologies -  Proceedings of the Conference, 2(2000), 469-473.
https://doi.org/10.18653/v1/n18-2075

Koukaras, P., & Tjortjis, C. (2025). Data Preprocessing and Feature Engineering for Data
Mining:  Techniques,  Tools, and  Best Practices. A4l, 6, 257.
https://doi.org/10.3390/a16100257

Lewis, P., Perez, E., Piktus, A., Petroni, F., Karpukhin, V., Goyal, N., Kiittler, H., Lewis,
M., Yih, W. T., Rocktéschel, T., Riedel, S., & Kiela, D. (2020). Retrieval-augmented
generation for knowledge-intensive NLP tasks. Advances in Neural Information
Processing Systems, 2020-Decem.

Liu, N. F., Lin, K., Hewitt, J., Paranjape, A., Bevilacqua, M., Petroni, F., & Liang, P. (2024).

96



Lost in the Middle: How Language Models Use Long Contexts. Transactions of the
Association for Computational Linguistics, 12, 157-173.
https://doi.org/10.1162/tacl a 00638

Maharana, K., Mondal, S., & Nemade, B. (2022). A review : Data pre-processing and data
augmentation techniques. Global Transitions Proceedings, 3(April), 91-99.
https://doi.org/https://doi.org/10.1016/j.gltp.2022.04.020

Manning, C. D., Raghavan, P., & Schiitze, H. (2008). Introduction to Information Retrieval.
Cambridge University Press. https://www.cambridge.org/9780521865715

Mclnnes, L., Healy, J., & Melville, J. (2020). UMAP: Uniform Manifold Approximation and
Projection for Dimension Reduction. http://arxiv.org/abs/1802.03426

Miech, A., Zhukov, D., Alayrac, J.-B., Tapaswi, M., Laptev, 1., & Sivic, J. (2019).
HowTol00M: Learning a Text-Video Embedding by Watching Hundred Million

Narrated Video Clips. Proceedings of the IEEE International Conference on Computer
Vision, 2630-2640. https://doi.org/https://doi.org/10.48550/arXiv.1906.03327

Miller, M. (2011). YouTube for Business: Online Video Marketing for Any Business. In
Youtube for Business - (2nd ed.). Que.

Moller, A. M., Vermeer, S., & Baumgartner, S. (2024). Cutting Through the Comment
Chaos : A Supervised Machine Learning Approach to Identifying Relevant YouTube
Comments. 42(1), 162—185. https://doi.org/10.1177/08944393231173895

Murshed, B. A. H., Mallappa, S., Abawajy, J., Saif, M. A. N., Al-ariki, H. D. E., &
Abdulwahab, H. M. (2023). Short text topic modelling approaches in the context of big
data: taxonomy, survey, and analysis. Artificial Intelligence Review, 56, 5133-5260.
https://doi.org/https://doi.org/10.1007/s10462-022-10254-w

Muthusami, R., Kandan, N. M., Saritha, K., Narenthiran, B., Nagaprasad, N., &
Ramaswamy, K. (2024). Investigating topic modeling techniques through evaluation of
topics discovered in short texts data across diverse domains. Scientific Reports, 1-13.
https://doi.org/10.1038/s41598-024-61738-4

Pedregosa, F., Varoquaux, G., Gramfort, A., Michel, V., Thirion, B., Grisel, O., Blondel, M.,
Prettenhofer, P., Weiss, R., Dubourg, V.,’ Vanderplas, J., Passos, A., Cournapeau, D.,
Brucher, M., Perrot, M., & Duchesnay, E. (2011). Scikit-learn: Machine Learning in
Python. Journal of Machine Learning Research, 12, 2825-2830.

Qu, R, Tu, R., & Bao, F. (2025). Is Semantic Chunking Worth the Computational Cost ?
Findings Ofthe Association for Computational Linguistics: NAACL 2025, 2155-2177.

Reimers, N., & Gurevych, 1. (2019). Sentence-BERT: Sentence embeddings using siamese
BERT-networks. EMNLP-IJCNLP 2019 - 2019 Conference on Empirical Methods in
Natural Language Processing and 9th International Joint Conference on Natural
Language  Processing,  Proceedings  of the  Conference, 3982-3992.
https://doi.org/10.18653/v1/D19-1410

Retkowski, F., & Waibel, A. (2024). From Text Segmentation to Smart Chaptering : A Novel
Benchmark  for Structuring Video Transcriptions. 1, 406-419.
https://doi.org/10.18653/v1/2024.eacl-long.25

Riedl, M., & Biemann, C. (2012). TopicTiling: A Text Segmentation Algorithm based on
LDA. IProceedings of ACL 2012 Student Research Workshop , July, 8—14.

Roder, M., Both, A., & Hinneburg, A. (2015). Exploring the space of topic coherence
measures. WSDM 2015 - Proceedings of the 8th ACM International Conference on Web

97



Search and Data Mining, 399—408. https://doi.org/10.1145/2684822.2685324

Spoladr, N., Diana, H., Weber, L., Resende, S., Augusto, L., Antonio, E., Sabino, R., Oliva,
J. T., Saddy, C., Coy, R., & Chung, F. (2021). A video indexing and retrieval
computational prototype based on transcribed speech. Multimedia Tools and
Applications, 80, 33971-34017. https://doi.org/10.1007/s11042-021-11401-1

Tanskanen, S. (2021). Discourse , Context & Media Fragmented but coherent: Lexical
cohesion on a YouTube channel. Discourse, Context & Media, 44, 100548.
https://doi.org/10.1016/;.dcm.2021.100548

Thelwall, M. (2018). Social media analytics for YouTube comments: potential and
limitations. [International Journal of Social Research Methodology, 5579, 1-14.
https://doi.org/10.1080/13645579.2017.1381821

Wang, W., Wei, F., Dong, L., Bao, H., Yang, N., & Zhou, M. (2020). MINILM: Deep self-
attention distillation for task-agnostic compression of pre-trained transformers.
Advances in Neural Information Processing Systems, 2020-Decem.

Wartena, C. (2012). Comparing Segmentation Strategies for Efficient Video Passage
Retrieval. 1-6.

Yarmand, M., Yoon, D., Dodson, S., Roll, 1., & Fels, S. S. (2019). “Can you believe
[1:21]?!”: Content and time-based reference patterns in video comments. Proceedings
of the 2019 CHI Conference on Human Factors in Computing Systems, 1-12.
https://doi.org/10.1145/3290605.3300719

Yu, H., Deng, C., Zhang, Q., Liu, J., Chen, Q., & Wang, W. (2023). Improving Long
Document Topic Segmentation Models With Enhanced Coherence Modeling.
Proceedings Ofthe 2023 Conference on Empirical Methods in Natural Language
Processing, abs/2310.1, 5592-5605.
https://api.semanticscholar.org/CorpusID:264289093

Zhao, J., Liu, H., Wang, Y., Zhang, W., Zhang, X., Li, B., Sun, T., Q1, Y., & Zhang, S.
(2024). Sentiment analysis of video danmakus based on MIBE - RoBERTa - FF -
BiLSTM. Scientific Reports, 14, 1-17. https://doi.org/10.1038/s41598-024-56518-z

98



