DAFTAR PUSTAKA

Abdulla, A., Baryannis, G., & Badi, . (2023). An integrated machine learning and MARCOS
method for supplier evaluation and selection. Decision Analytics Journal, 9(October),
100342. https://doi.org/10.1016/j.dajour.2023.100342

Akbar, Z., Rehman, S., Khan, A., Khan, A., Atif, M., & Ahmad, N. (2021). Potential drug—
drug interactions in patients with cardiovascular diseases: findings from a prospective
observational study. Journal of Pharmaceutical Policy and Practice, 14(1), 63.
https://doi.org/10.1186/s40545-021-00348-1

An, X., Chen, X., Yi, D., Li, H., & Guan, Y. (2022). Representation of molecules for drug
response prediction. Briefings in Bioinformatics, 23(1), 1-11.
https://doi.org/10.1093/bib/bbab393

Ding, Y., Chen, M., Guo, C., Zhang, P., & Wang, J. (2021). Molecular fingerprint-based
machine learning assisted QSAR model development for prediction of ionic liquid
properties. Journal of Molecular Liquids, 326, 115212.
https://doi.org/10.1016/j.molliq.2020.115212

Erlin, E., Desnelita, Y., Nasution, N., Suryati, L., & Zoromi, F. (2022). Dampak SMOTE
terhadap Kinerja Random Forest Classifier berdasarkan Data Tidak seimbang.
MATRIK : Jurnal Manajemen, Teknik Informatika Dan Rekayasa Komputer, 21(3),
677-690. https://doi.org/10.30812/matrik.v21i3.1726

Fadzryan, R. M., & Laksana, E. A. (2025). Optimasi Prediksi Harga Rumah dengan Random
Forest dan Optuna Hyperparameter Tuning. Jurnal Pendidikan Dan Teknologi
Indonesia, 5(6), 1663—1671. https://doi.org/10.52436/1.jpti.846

Guengerich, F. P. (2022). Inhibition of Cytochrome P450 Enzymes by Drugs—Molecular
Basis and Practical Applications. Biomolecules and Therapeutics, 30(1), 1-18.
https://doi.org/10.4062/biomolther.2021.102

Handayani, W. (2025). FAKTOR-FAKTOR RISIKO PENYAKIT KARDIOVASKULAR:
ARTIKEL REVIEW. Pengembangan Ilmu Dan Praktik Kesehatan, 4(3), 139—-158.
https://do1.org/10.56586/pipk.v413.465

Landrum, G. A., & Riniker, S. (2024). Combining IC50 or Ki Values from Different Sources
Is a Source of Significant Noise. Journal of Chemical Information and Modeling, 64(5),
1560—-1567. https://doi.org/10.1021/acs.jcim.4c00049

Latief, M. A., Nabila, L. R., Miftakhurrahman, W., Ma’rufatullah, S., & Tantyoko, H. (2024).
Handling Imbalance Data using Hybrid Sampling SMOTE-ENN in Lung Cancer
Classification. [International Journal of Engineering and Computer Science
Applications (IJECSA), 3(1), 11-18. https://doi.org/10.30812/ijecsa.v3i1.3758

Li, C., Li, S., Feng, Y., Gryllias, K., Gu, F., & Pecht, M. (2024). Small data challenges for
intelligent prognostics and health management: a review. In Artificial Intelligence
Review (Vol. 57, Issue 8). Springer Netherlands. https://doi.org/10.1007/s10462-024-
10820-4

Litsa, E. E., Das, P., & Kavraki, L. E. (2021). Machine learning models in the prediction of
drug metabolism: challenges and future perspectives. Expert Opinion on Drug
Metabolism and Toxicology, 17(11), 1245-1247.
https://doi.org/10.1080/17425255.2021.1998454

Montastruc, J., Lafaurie, M., de Canecaude, C., Durrieu, G., Sommet, A., Montastruc, F., &
Bagheri, H. (2021). Fatal adverse drug reactions: A worldwide perspective in the World
Health Organization pharmacovigilance database. British Journal of Clinical
Pharmacology, 87(11), 4334-4340. https://doi.org/10.1111/bcp.14851

Nair, P. C., McKinnon, R. A., & Miners, J. O. (2016). Cytochrome P450 structure—function:

67



insights from molecular dynamics simulations. Drug Metabolism Reviews, 48(3), 434—
452. https://doi.org/10.1080/03602532.2016.1178771

Saputri, M., & Dewi, S. R. (2023). Potensi Interaksi Polifarmasi Pasien Jantung Koroner
(PJK) di Rumah Sakit I.A. Moeis Samarinda. Jurnal Sains Dan Kesehatan, 5(2), 109—
114. https://doi.org/10.25026/jsk.v5i2.1709

Uddin, I., Awan, H. H., Khalid, M., Khan, S., Akbar, S., Sarker, M. R., Abdolrasol, M. G.
M., & Alghamdi, T. A. H. (2024). A hybrid residue based sequential encoding
mechanism with XGBoost improved ensemble model for identifying 5-
hydroxymethylcytosine modifications. Scientific Reports, 14(1).
https://doi.org/10.1038/s41598-024-71568-z

Wang, N.-N., Wang, X.-G., Xiong, G.-L., Yang, Z.-Y., Lu, A.-P., Chen, X., Liu, S., Hou, T.-
J., & Cao, D.-S. (2022). Machine learning to predict metabolic drug interactions related
to cytochrome P450 isozymes. Journal of Cheminformatics, 14(1), 23.
https://doi.org/10.1186/s13321-022-00602-x

Wang, Z., Li, H., & Wang, Q. (2025). An Approach to Truck Driving Risk Identification: A
Machine Learning Method Based on Optuna Optimization. /EEE Access, 13, 42723—
42732. https://doi.org/10.1109/ACCESS.2025.3547445

Zahid, H., Tayara, H., & Chong, K. T. (2024). Harnessing machine learning to predict
cytochrome P450 inhibition through molecular properties. Archives of Toxicology,
98(8), 2647-2658. https://doi.org/10.1007/s00204-024-03756-9

Zhao, M., Ma, J., Li, M., Zhang, Y., Jiang, B., Zhao, X., Huai, C., Shen, L., Zhang, N., He,
L., & Qin, S. (2021). Cytochrome p450 enzymes and drug metabolism in humans.
International Journal of Molecular Sciences, 22(23), 1-16.
https://doi.org/10.3390/ijms222312808

Zhou, Y., & Lauschke, V. M. (2022). The genetic landscape of major drug metabolizing
cytochrome P450 genes—an updated analysis of population-scale sequencing data.
Pharmacogenomics Journal, 22(5-6), 284-293. https://doi.org/10.1038/s41397-022-
00288-2

68



