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1. Responden penelitian 

Penelitian dilakukan dengan menyebarkan kuesioner survei kepada mahasiswa Yogyakarta dan Sumatera 

Selatan Indonesia. Sebanyak 550 responden diperoleh untuk dianalisis lebih lanjut. 

2. Pengembangan instrumen. 

Kuesioner yang digunakan dalam penelitian ini terdiri dari dua bagian. Bagian 1 berfokus pada pengumpulan 

demografi dasar responden, termasuk (1) jenis kelamin, (2) usia, dan (3) pendidikan. Bagian 2 membahas 

lima variabel penelitian: harapan kinerja, harapan usaha, pengaruh sosial, sikap terhadap komputer, dan niat 

perilaku untuk menggunakan terus menerus. Responden diminta untuk menilai kekuatan identifikasi mereka 

dengan item kuesioner pada skala tipe Likert 5 poin, dari 1 (sangat tidak setuju) hingga 5 (sangat setuju). 

Tabel 1 menunjukkan item kuesioner dan referensi mereka. 

Tabel 1.  

Research variables and questionnaire items. 

Variables Questionnaire items References 

Attitude to computer (ATT) ATT1: Saya percaya bahwa 

menggunakan computer adalah 

ide yang bagus. 

ATT2: Saya percaya bahwa 

menggunakan komputer 

disarankan 

ATU3: Saya puas menggunakan 

komputer. 

(Hu et al., 2022) 

Effort Expectancy (EE) EE1: Menggunakan aplikasi e-

learning itu mudah 

EE2: Antarmuka pengguna dan 

menu fungsi aplikasi mudah 

digunakan 

EE3: Menggunakan aplikasi e-

learning untuk belajar itu mudah. 

(Huang & Chueh, 2022): 

(Akinnuwesi et al., 2022) 

Performance Expectancy (PE) PE1: Menggunakan aplikasi 

sangat membantu untuk belajar 

PE2: Menggunakan aplikasi dapat 

meningkatkan kemampuan saya 

PE3: Menggunakan aplikasi 

memungkinkan saya untuk 

belajar dengan cepat 

(Huang & Chueh, 2022): 

(Akinnuwesi et al., 2022) 

Social Influence (SI) SI1: Dosen saya mendorong saya 

untuk menggunakan aplikasi 

untuk belajar 

SI2: Teman sekelas saya 

menggunakan aplikasi untuk 

belajar. 

SI3: Banyak orang yang belajar 

akan menggunakan aplikasi untuk 

melakukannya. 

(Huang & Chueh, 2022):  

Behavior intention (BI) BI1: Saya bersedia untuk terus 

menggunakan aplikasi untuk 

belajar 

(Huang & Chueh, 2022); 

(Hu et al., 2022) 

C.  HASIL PELAKSANAAN PENELITIAN: Tuliskan secara ringkas hasil pelaksanaan penelitian yang telah 

dicapai sesuai tahun pelaksanaan penelitian. Penyajian meliputi data, hasil analisis, dan capaian luaran 

(wajib dan atau tambahan). Seluruh hasil atau capaian yang dilaporkan harus berkaitan dengan tahapan 

pelaksanaan penelitian sebagaimana direncanakan pada proposal. Penyajian data dapat berupa gambar, 

tabel, grafik, dan sejenisnya, serta analisis didukung dengan sumber pustaka primer yang relevan dan terkini. 



BI2: Saya akan terus 

menggunakan e-learning di masa 

depan 

BI3: Niat saya adalah untuk terus 

menggunakan e-learning di masa 

depan, setidaknya seaktif hari ini 

Anxiety AN1: Merasa Gugup, cemas, atau 

gelisah 

AN2: Tidak dapat menghentikan 

atau mengendalikan rasa khawatir 

(Hu et al., 2022) 

 

3. Pengukuran 

Penelitian ini menggunakan Smart-PLS dengan pendekatan Structural Equation Model (SEM) untuk menguji 

hipotesis. Pendekatan ini sering digunakan dalam studi ilmu sosial karena akurasinya dalam analisis model 

psikometrik  Menurut Kim & Lee, (2020) dan (Wijaya et al., 2022), Smart-PLS digunakan karena alasan 

berikut: (1) pengujian hipotesis dapat dilakukan bila distribusinya tidak normal; (2) bisa digunakan dengan 

item yang kurang dari 3, dan (3) dapat digunakan tanpa memikirkan jumlah sampel Langkah PLS-SEM terdiri 

dari pengukuran reflektif dan penilaian model struktural. Penilaian model pengukuran reflektif 

mengungkapkan pemuatan indikator reflektif, keandalan konsistensi internal yang terdiri dari alfa Cronbach 

dan keandalan komposit, konvergen validitas melalui Average Variance Extracted, dan validitas diskriminan 

menggunakan Rasio Heterotrait-Monotrait (HTMT). Sementara itu, penilaian statistik seperti nilai VIF, 

koefisien jalur, statistik t, dan nilai-p digunakan untuk mengevaluasi model structural. Uji-t digunakan untuk 

menilai signifikansi hubungan antar varuiabel. Keandalan struktur kuesioner menggunakan nilai Cronbach 

dari setiap variabel untuk memverifikasi internal konsistensi antara item kuesioner. 

Tabel 2 

Hasil perhitungan loading factor, validity, dan reliability 

 
Latent 

Variable 

Indicator Loading t-Value Composite 

Reliability 

Cronbach’s 

Alpha 

AVE 

Performance 

Expectancy 

(PE) 

PE1 0.869 20.826  

0.904 

 

 

0.842 

 

 

0.759 PE2 0.862 25.117 

PE3 0.883 26.598 

Effort 

Expectancy 

(EE) 

EE1 0.803 17.937  

0.879 

 

 

0.794 

 

 

0.708 EE2 0.859 22.014 

EE3 0.860 24.879 

Social 

Influence (SI) 

SI1 0.897 19.254  

0.916 

 

 

0.863 

 

 

0.785 SI2 0.900 25.279 

SI3 0.859 24.742 

Attitude to 

computer 

(ATT) 

ATT1 0.878 28.398  

0.914 

 

 

0.859 

 

 

0.780 

 
ATT2 0.888 24.247 

ATT3 0.884 25.256 

Behavior 

intention (BI) 

BI1 0.876 22.224  

0.870 

 

 

0.775 

 

 

0.690 BI2 0.812 21.361 

BI3 0.803 20.221 

 

Tabel 2 menunjukkan loading factor untuk masing-masing variabel pada kisaran 0,803 sampai dengan 0,900 yang 

merupakan nilai yang baik. Setiap variabel menunjukkan nilai yang hampir merata dan konsisten (Hair et al., 

2006); (hair et al., 2014). Tabel 2 juga memuat informasi mengenai model pengukuran, seperti factor loading, 

nilai t, konsistensi internal, Cronbach’s alpha, dan AVE (Average Variance Extracted). Validitas konvergen model 

pengukuran ditunjukkan dengan mengamati: (1) reliabilitas item; (2) keandalan komposit; dan (3) Average 

Variance Extracted (AVE). Untuk reliabilitas butir soal menggunakan nilai cronbach's alpha. Tabel 2 

menunjukkan bahwa semua konstruk nilai alpha Cronbach lebih signifikan dari ambang batas 0,70. Setiap 

konstruk pada Tabel 2 memiliki reliabilitas komposit lebih besar dari 0,5, menunjukkan reliabilitas konsistensi 



internal yang baik di antara variabel laten. Selanjutnya untuk menganalisis varians, AVE semua konstruk memiliki 

nilai lebih besar dari 0,5 yang menunjukkan bahwa item-item tersebut memenuhi kriteria validitas konvergen. 

AVE yang tinggi menunjukkan bahwa proses pengukuran pada model yang dikembangkan berkualitas tinggi dan 

dapat menjelaskan model tersebut. 

Table 3 

Results of discriminant validity based on Fornell–Larcker criterion results 

 

 Attitude to 

computer  

Behavior 

intention 

Effort 

Expectancy 

Performance 

Expectancy 

Social 

Influence 

Attitude to computer 0.883         

Behavior intention 0.820 0.831       

Effort Expectancy 0.787 0.725 0.841     

Performance Expectancy 0.773 0.760 0.710 0.871   

Social Influence 0.697 0.666 0.786 0.707 0.886 

 
Analisis validitas diskriminan dalam penelitian ini menggunakan kriteria Fornell-Larcker, yaitu menggunakan 

akar kuadrat dari AVE untuk setiap variabel laten dan koefisien korelasi antar variabel lainnya. Pada Tabel 3, 

kriteria Fornell-Larcker untuk validitas diskriminan disajikan dengan menunjukkan matriks korelasi antar item 

(elemen diagonal mewakili akar kuadrat dari AVE). Elemen diagonal yang diamati lebih besar dari nilai korelasi 

lainnya antara variabel laten lainnya, sehingga memenuhi syarat validitas diskriminan. Namun, beberapa 

penelitian menunjukkan bahwa menggunakan kriteria Fornell-Larcker tidak cukup untuk analisis validitas 

diskriminan. Untuk menentukan validitas diskriminan, diperlukan rasio HTMT. Menurut Naveed dkk. (2020) dan 

Teo et al., (2008), nilai ambang batas maksimum untuk HTMT adalah 0,9. Tabel 4 menunjukkan statistik HTMT 

yang mendukung validitas diskriminan. 

 

Table 4. Analisis validity discriminant measurement results menggunakan HTMT. 

 Attitude to 

computer  

Behavior 

intention 

Effort 

Expectancy 

Performance 

Expectancy 

Social 

Influence 

Attitude to computer 0.805        

Behavior intention 0.847 0.816      

Effort Expectancy 0.808 0.837 0.861    

Performance 

Expectancy 
0.810 0.813 0.855    

Social Influence    0.828  

 

HASIL 

Deskripsi responden dan variabel 

Penelitian ini merupakan penelitian kuantitatif yang menggunakan reponden mahasiswa. Jumlah sampel yang 

digunakan adalah 250 mahasiswa yang berdomisili di Yogyakarta dan Sumatera Utara. Penelitian ini memiliki 

tujuan untuk menguji model behavior intention pada adopsi e-learning dengan tingkat anxiety yang tinggi. 

Kuesioner disebarkan pada responden yang memiliki tingkat anxiety pada pembelajaran e-learning dan 

menghabiskan rentang waktu mulai dari 10 hingga 20 menit dalam mengisi kuesioner. Tabel 5 menunjukkan data 

responden penelitian. Table 6 menunjukkan deskripsi dari masing-masing variable penelitian. 

 

Table 5. Deskripsi responden 

Items Type Frequency Percentage 

Jenis kelamin Male 142 56.6% 

Female 108 43.4% 

Umur 18–20 52 20.6 % 

21–22 100 40.0% 

23–25 48 19.2% 

26-up 50 20.2% 

Pendidikan Bachelor’s 156 62.6 % 

Master’s 94 37.4% 

 

 

 

 



Table 6.  

Descriptive statistics of variable 

Nama variabel Rerata Deskripsi 

Tingkat kebosanan 4.34 Merasa Gugup, cemas, atau 

gelisah 

4.38 Tidak dapat menghentikan atau 

mengendalikan rasa khawatir 

Performance Expectancy (PE) 4.28 Memiliki ekspektasi kinerja 

yang tinggi  

Effort Expectancy (EE) 4.28 Kemudahan menggunakan 

tinggi 

Social Influence (SI) 4.09 Pengaruh orang lain tinggi 

Attitude to computer (AC) 4.01 Sikap pada computer baik 

Behavior intention (BI) 4.36 Niat menggunakan tinggi 

 

Evaluating the Structural Model and Hypothesis Testing 

Evaluasi model struktural pada Gambar 1 menunjukkan hubungan dari hipotetis antar variabel yang diajukan. 

Model dasar menggunakan teori UTAUT, yang dilakukan untuk mengtahu niat adopsi e-learning dalam kondisi 

anxiety. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Gambar 1. Model niat adopsi e-Learning dalam kondisi kebosanan tinggi. 

 

Gambar 1 menunjukkan model struktural berdasarkan yang memiliki 15 item. Hasil analisis model structural 

ditunjukkan pada table 7. Kesesuaian model yang dihasilkan dari Smart-PLS 3 menunjukkan kesesuaian yang 

dapat diterima. Hal ini ditunjukkan dari nilai R2 nya. Menurut Venkatesh et al., (2003) dan Alghazi et al., (2021) 

jika nilai R2 lebih besar dari 0,67 dianggap tinggi, varians antara 0,33 hingga 0,67 dianggap sedang, sedangkan 

antara 0,19 dan 0,33 dianggap lemah. Secara keseluruhan, model yang diusulkan menyumbang 71,9% varians di 

niat menggunakan e-learning. Standardized Root Means Square Residual (SRMR) digunakan untuk menilai 

kecocokan model PLS. Kecocokan yang baik didefinisikan oleh nilai SRMR kurang dari 0,10 (Hu & Bentler, 

1998). Nilai SRMR dalam penelitian adalah sebesar 0.065. Hu & Bentler (1998) menunjukkan bahwa model 

dianggap memenuhi kriteria model fit, jika nilai RMS Theta atau Root Mean Square Theta < 0,102 dan Nilai NFI 

> 0,9.  Hasil penelitian ini menunjukkan bahwa nilai Theta sebesar 0.021 dan NFI sebesar 0.910. Sehingga 

menunjukkan model yang sangat cocok. Model memiliki keandalan, validitas, dan dapat menjelaskan hubungan 

yang dihipotesiskan sesuai dengan R2 yang diukur. Tabel 7 menunjukkan informasi tentang pengaruh langsung 

pada setiap hubungan antar variabel. 

 

 

 



 

 

Table 7.  

Hypothesis testing of factors affecting the use of e-learning 

 

Relationship Path 

Coefficient 

Sample 

Mean 

Standard 

Deviation 

t  

Statistic 

p  

Values 

Decision 

of 

Hypothesis 

Attitude to computer  → 

Behavior Intention 
0.497 0.492 0.072 6.919 0.000 

Significant 

Effort Expectancy → 

Behavior Intention 
0.108 0.110 0.064 2.693 0.041 

Significant 

Performance Expectancy  

→ Behavior Intention 
0.267 0.270 0.062 4.332 0.000 

Significant 

Social Influence → 

Behavior Intention 
0.047 0.046 0.062 0.746 0.456 

Not 

Significant 

 

Tabel 7 menunjukkan nilai koefisien jalur, standar deviasi rata-rata sampel, t-statistik dan tingkat signifikansi 

(nilai p). Karena tidak semua jalur memiliki t-statistik yang lebih besar dari 1,96 dan p-value kurang dari 0,05, 

maka tidak semua jalur menunjukkan hasil yang signifikan. Attitude to computer   menunjukkan pengaruh positif 

yang signifikan terhadap BI (mendukung Hipotesis 1). Effort Expectancy memiliki pengaruh positif signifikan 

terhadap BI (mendukung Hipotesis 2). Performance Expectancy memiliki pengaruh positif signifikan terhadap BI 

(mendukung Hipotesis 3). Social Influence tidak memiliki pengaruh positif signifikan terhadap BI (tidak 

mendukung Hipotesis 4).  
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ABSTRACT 

 

 

This study aims to analyze the Intention model to adopt e-Learning in students with anxiety levels using 

computers. This study adopted the Unified Theory of Acceptance and Use of Technology (UTAUT) model to 

examine several variables that affect the Intention to adopt e-learning in students with high levels of boredom on 

the computer. Several variables were used to predict. Intentions are performance expectation (PE), effort 

expectation (EE), Attitude towards use (ATU), and social influence. This study used 250 student respondents in 

South Sumatra and Yogyakarta, Indonesia. Each respondent is described as having a high level of boredom in 

using the computer. The analytical tool used is structural equation modeling (SEM), namely PLS-SEM. The 

results show that UTAUT can explain the Intention to adopt e-learning among students with general anxiety. The 

results of this study also show that performance expectations (PE), effort expectations (EE), and attitudes towards 

the use (ATU) of e-learning have a significant effect on the Intention to adopt e-learning. Social influence has no 

significant effect on behavioral Intention. UTAUT can be used as a feasible integrated theoretical framework, 

adequately designed and implemented in studies using SEM-PLS statistical analysis. UTAUT is very helpful as a 

future framework in designing and promoting the adoption and use of e-learning technologies among students. 

Keywords: PE, EE, anxiety, Attitude, social influence, and Intention.  

 

 

1. INTRODUCTION 

Learning and teaching technology have shown significant acceptance under the COVID-19 pandemic. E-

learning technology allows students and teachers to conduct remote learning on an unprecedented scale. Both 

lecturers and students feel the condition of social restrictions. Universities should rethink using available 

technology resources to provide higher education services and benefit from those services (Ayuni & Mulyana, 

2019). This sudden change has put unprecedented pressure on Internet infrastructure and e-learning platforms 

(Favale et al., 2020); (Sugandini et al., 2022). Students are more aware of the uses and advantages of e-learning 

(Al-Fraihat et al., 2020). However, e-learning can cause tremendous difficulties for students and lecturers. 

Students often become isolated and alienated because of their reluctance to participate in online communities. The 

online community can stem from several factors, such as personality, sense of transactional distance in the online 

mailto:dini@upnyk.ac.id
mailto:yuni.istanto@gmail.com
mailto:ajeng.arundaty@gmail.com
mailto:trisnaadisti66@gmail.com


environment, lack of trust and confidence in participants in the online community, lack of nonverbal 

communication, connection difficulties, poor writing skills, and language barriers (Rasheed et al., 2019). For 

lecturers, preparing online courses is much more time-consuming than preparing for face-to-face learning in class 

(Guri-Rosenblit, 2018). E-Learning is considered a future educational paradigm as an alternative to higher 

education standards developed for future generation Z (Dhawan, 2020). However, current e-learning 

developments are imperfect, and many scholars question the readiness for the future massive adoption of e-

learning in higher education (Rapanta et al., 2020; Scherer et al., 2021). The shift in education to e-learning has 

caused tremendous difficulties for universities and has sparked comprehensive research discussions. Students' 

mental health vulnerabilities in e-learning environments and complex stresses were also revealed in online 

learning during the COVID-19 outbreak (Ayuni & Mulyana, 2019). According to Li et al. (2021), the prevalence 

of depression and anxiety for college students worldwide was 39% and 36%, respectively, during the COVID-19 

pandemic. Thus, the effect of anxiety on e-learning adoption cannot be ignored. Technology anxiety, according 

to (Troisi et al., 2022), is a barrier to technology acceptance that can be a significant predictor or determinant of 

behavioral Intention. Technology anxiety is defined as a user's emotional state, such as nervousness, uncertainty, 

and fear related to learning to use technology. This concern arises because technology has negative consequences, 

such as losing important data or making mistakes. Anxiety can lead to technology rejection and technophobia, 

adverse emotional reactions to technology, and technostress (Daruwala, 2020); (Troisi et al., 2022). 

Technology anxiety is a negative affective state towards technology that produces negative emotions (Davis, 

1989). Low technology skills, trust in using technology, privacy, cost, technology dependence, and organizations 

that adopt technology are the causes of technology resistance or anxiety. On the other hand, technology anxiety 

can also negatively affect scores, privacy risks, and learning costs, and both are determinant factors that contribute 

negatively to the Attitude toward technology adoption (Ghasemaghaei, 2020). Because e-learning is a new 

technology for students, the learning process may be a perceived obstacle for them to adopt it. For students, 

perceived negative values will increase technology anxiety, and students assume that their previous knowledge is 

insufficient to adopt the application quickly. In addition, the perception of learning costs not only occurs before 

adoption but can also remain after (Hu et al., 2022). 

This study continuously analyzes the Intention to use e-learning in students with high anxiety levels. The basic 

theory used is the Unified Theory of Acceptance and Use of Technology (UTAUT) model. This research is 

necessary because it can provide novelty related to the influence of anxiety as a control variable that affects the 

Intention to adopt e-learning. This research is expected to cover the shortcomings of previous research that has 

not involved the anxiety factor in the success of e-learning adoption. In addition, universities in new normal 

conditions after the Covid-19 pandemic also need information related to the sustainability of e-learning for their 

institutions. Previous research conducted by Hu et al. (2022); Abdous (2019), and Inan et al. (2022) show that 

anxiety can cause failure in e-learning adoption even though e-learning adoption is forced to be adopted as a form 

of learning during the Covid-19 pandemic. This study uses anxiety as an individual internal variable that e-learning 

users feel, but this variable is not included in the research model. Anxiety is used as a control variable. The goal 

is to choose users with a high level of anxiety so that this study can justify the Intention to adopt e-learning for 

users already saturated with e-learning. Thus, the results of this study can be used by universities to make policies 

for modifying hybrid learning. Hybrid learning is learning that practices online and face-to-face methods together. 

Researchers choose students who have a high level of saturation because researchers want to justify whether the 

Intention to adopt e-learning can be predicted by performance expectations (PE), social influence (SI), effort 

expectancy (EE), and attitudes towards the use (ATU). Previous research has analyzed these factors in the user's 

assumed good emotional state. 

2. LITERATURE REVIEW 

2.1. UTAUT and Intention to adopt 

The basic concept underlying UTAUT is the Intention to use information technology. The Intention is a direct 

predictor of actual technology use. Behavioral intentions are conceptualized as technology acceptance (Venkatesh 

et al., 2003). Intention to adopt e-learning is defined as a person's Intention to adopt and use e-learning technology 

in the future (Al-Mamary, 2022); (Sugandini et al., 2022). UTAUT states that there are four main determinants of 

technology acceptance and use, namely: 1) The expected benefits that individuals will receive from using 

technology (Performance Expectancy), 2) the expected ease of use of technology (Effort Expectancy), 3) a 

significant perception of others to believe that technology should be used (Social Influence) and 4) expected 

technical support when using technology (Facilitation Conditions). Other moderating control factors were: age, 

gender, experience, and voluntary use (Venkatesh et al., 2003). The UTAUT model was initially developed and 

formulated in a workplace context (Venkatesh et al., 2003), but some have successfully applied UTAUT to the 

field of digitalization of education (Wijaya et al., 2022); (Al-Mamary, 2022); and (Shaqrah & Almars, 2022). 

2.2. Attitudes towards the use of e-learning 

Attitudes toward the use are the level of a person's positive or negative feelings about the target behavior (Davis, 

1989). Attitude describes a positive or negative disposition toward a person, object, or situation. Attitude is an 

individual characteristic that describes positive or negative behavior and is a reflection of feelings and knowledge 



about a particular object (Grimaldo & Uy, 2020). Previous research has found a significant relationship between 

attitudes and intentions to use technology (Wijaya et al., 2022). Users tend to develop their behavior based on the 

dispositions set on a technology (Andrews et al., 2021). Another finding shows that Attitude is a significant 

predictor of students' Intention to use E-learning and plays an essential role in student learning in the classroom. 

Hussein (2017) asserts that students' attitudes toward computers influence the Intention and perception of using 

e-learning. 

H1: Attitudes towards the use of e-learning affect the Intention to use e-learning 

2.3. Effort expectancy (EE) 

Effort expectancy is the level of ease associated with the use of technology. Effort expectancy is another 

essential variable that builds behavioral intentions toward technology (Al-Mamary, 2022). Effort expectancy 

determines the ease of connecting with technology (Venkatesh et al., 2003). Venkatesh, Thong, & Xu (2016) 

show that the relationship between Effort expectancy and behavioral Intention is often found to be significant and 

positive. Meanwhile (Khechine et al., 2020) found an insignificant relationship between Effort expectancy and 

behavioral intentions. Ain et al. (2016) showed a non-significant relationship between Effort expectancy and 

behavioral intentions in the context of learning management systems and new technologies. (Wijaya et al., 2022) 

conducted a study to analyze the behavioral Intention of mathematics teachers in using micro-lectures in 

mathematics in China. The Unified Theory of Acceptance and Use of Technology (UTAUT) model is used as the 

design model. The results of his research show that Performance Expectancy, Effort Expectancy, and social 

influence affect behavioral Intention. 

H2: Effort expectancy affects Intention to use e-learning 

2.4. Performance expectations (PE) 

Performance expectancy is the extent to which individuals believe that using the system will help to achieve gains 

in performance (Venkatesh et al., 2003). UTAUT, introduced by Venkatesh (2003), is a model that predicts user 

intention to use e-learning. UTAUT proposes two significant factors that influence behavioral Intention to use: 

performance expectations and effort expectations. Performance expectations are similar to perceived usefulness 

in TAM and refer to users' perceptions of how much information technology helps in their work. Effort 

expectations are the opposite of perceived ease of use in TAM, i.e., user-perceived effort to use information 

technology. Venkatesh et al. (2003) argue that performance and business expectations significantly influence 

users' behavioral Intention of users to use information technology. (Inan et al., 2022) conducted a study to test the 

adoption of IoT applications for educational purposes focusing on student perspectives at Taibah University 

Malaysia. The results showed that social support facilitated conditions, innovativeness, and effort expectancy 

substantially affected the acceptance and use of the respective IOET applications. 

Meanwhile, performance expectations and perceived usefulness have the weakest effect on IoT adoption. Aqlan 

et al. (2021) show the results of a study on the effect of performance expectations on Intention to use technology. 

The study results state that Performance Expectancy determines a person's Attitude toward using this information 

system. The same report shows that performance expectations have a substantial and beneficial impact on 

someone who adopts behavioral goals and utilizes IT systems (Al-Mamary, 2022). Other similar studies have 

concluded that performance expectations will change their perception of adopting learning management systems. 

H3: Performance expectations affect the Intention to use e-learning 

2.5. Social influence 

Social influence is the level of importance felt by individuals over the trust of others for them to use new 

technology (Venkatesh et al., 2003). Social influence consists of subjective norms, social factors, and image. 

Awang Kader et al. (2022) found that social influence did not affect technostress. In addition, most respondents 

admitted that other people or friends did not influence the decision to use online learning because it was mandatory 

during the COVID-19 outbreak. Furthermore, most respondents agreed that social influence did not influence 

their decision to use online learning as it has become mandatory to use the platform for learning and teaching 

during the COVID-19 lockdown. Haron et al. (2021) revealed a correlation between social influence and 

technostress and affected the Intention to adopt online learning. 

H4: Social influence affects the Intention to use e-learning. 

 

3. RESEARCH METHOD 

3.1. Research participants 

The research was conducted by distributing survey questionnaires to Yogyakarta students and South Sumatra 

Indonesia using Google Forms. A total of 250 were obtained for further analysis. 

3.2. Instrument development. 

The questionnaire used in this study consisted of two parts. Section 1 focuses on gathering the basic demographics 

of the respondents, including (1) gender, (2) age, and (3) education. Section 2 discusses five research variables: 

performance expectations, effort expectations, social influence, attitudes to computers, and behavioral intentions 

to use continuously. Respondents were asked to rate the strength of their identification with questionnaire items 



on a 5-point Likert-type scale, from 1 (strongly disagree) to 5 (strongly agree). Table 1 shows the questionnaire 

items and their references. 

 

Table 1. Research variables and questionnaire items. 

Variables Questionnaire items References 

Attitude to the computer 

(ATT) 

ATT1: I believe that using a computer 

is a good idea. 

ATT2: I believe that using a computer 

is recommended 

ATU3: I am satisfied with using the 

computer. 

(Hu et al., 2022) 

Effort Expectancy (EE) EE1: Using the e-learning app is easy 

EE2: The user interface and 

application function menu are 

easy to use 

EE3: Using e-learning apps to learn is 

easy. 

(Huang & Chueh, 2022): 

(Akinnuwesi et al., 2022) 

Performance Expectancy 

(PE) 

PE1: Using the app is very helpful for 

studying 

PE2: Using the app can improve my 

skills 

PE3: Using the app allows me to learn 

quickly 

(Huang & Chueh, 2022): 

(Akinnuwesi et al., 2022) 

Social Influence (SI) SI1: My lecturer encourages me to use 

the app to study 

SI2: My classmate uses the app to 

study. 

SI3: A lot of learning people will use 

apps to do it. 

(Huang & Chueh, 2022):  

Behavior intention (BI) BI1: I am willing to continue using the 

app to study 

BI2: I will continue to use e-learning 

in the future 

BI3: I intend to continue using e-

learning in the future, at least as 

actively as today 

(Huang & Chueh, 2022); 

(Hu et al., 2022) 

Anxiety AN1: Feeling Nervous, anxious, or 

restless 

AN2: Unable to stop or control worry 

(Hu et al., 2022) 

 

3.3. Measures  

 

This study uses Smart-PLS with a Structural Equation Model (SEM) approach to test the hypothesis. This 

approach is often used in social science studies because of its accuracy in analyzing psychometric models. 

According to Kim & Lee (2020) and (Wijaya et al., 2022), Smart-PLS is used for the following reasons: (1) 

hypothesis testing can be performed if the distribution is not normal; (2) it can be used with less than three items, 

and (3) can be used regardless of sample size. The PLS-SEM step consists of reflective measurement and structural 

model assessment. The assessment of the reflective measurement model revealed the loading of reflective 

indicators, the reliability of internal consistency consisting of Cronbach's alpha and composite reliability, 

convergent validity through Average Variance Extracted, and discriminant validity using the Heterotrait-

Monotrait Ratio (HTMT). 

Meanwhile, statistical assessments such as VIF values, path coefficients, t-statistics, and p-values were used to 

evaluate the structural model. The t-test was used to assess the significance of the relationship between variables. 

The reliability of the questionnaire structure uses the Cronbach value of each variable to verify the internal 

consistency between the questionnaire items.  

 

 

 

 

Table 2 



Results of loading factor, validity, and reliability 

Latent 

Variable 

Indicator Loading t-Value Composite 

Reliability 

Cronbach's 

Alpha 

AVE 

Performance 

Expectancy 

(PE) 

PE1 0.869 20.826  

0.904 

 

 

0.842 

 

 

0.759 PE2 0.862 25.117 

PE3 0.883 26.598 

Effort 

Expectancy 

(EE) 

EE1 0.803 17.937  

0.879 

 

 

0.794 

 

 

0.708 EE2 0.859 22.014 

EE3 0.860 24.879 

Social 

Influence (SI) 

SI1 0.897 19.254  

0.916 

 

 

0.863 

 

 

0.785 SI2 0.900 25.279 

SI3 0.859 24.742 

Attitude to the 

computer 

(ATT) 

ATT1 0.878 28.398  

0.914 

 

 

0.859 

 

 

0.780 

 
ATT2 0.888 24.247 

ATT3 0.884 25.256 

Behavior 

intention (BI) 

BI1 0.876 22.224  

0.870 

 

 

0.775 

 

 

0.690 BI2 0.812 21.361 

BI3 0.803 20.221 

 

Table 2 shows the loading factor for each variable in the range of 0.803 to 0.900, which is a good value. Each 

variable shows a value that is almost evenly distributed and consistent (Hair et al., 2006); (Hair et al., 2014). Table 

2 also contains information about the measurement model, such as factor loading, t-value, internal consistency, 

Cronbach's alpha, and AVE (Average Variance Extracted). 

 

The convergent validity of the measurement model is shown by observing: (1) item reliability, (2) composite 

reliability, and (3) Average Variance Extracted (AVE). For the reliability of the items using Cronbach's alpha 

value. Table 2 shows that all constructs of Cronbach's alpha value are more significant than the threshold of 0.70. 

Each construct in Table 2 has composite reliability greater than 0.5, indicating good internal consistency reliability 

among latent variables. Furthermore, to analyze the variance, the AVE of all constructs has a value greater than 

0.5, indicating that these items meet the criteria of convergent validity. A high AVE indicates that the 

measurement process in the developed model is of high quality and can explain the model. 

 

Table 3 

Results of discriminant validity based on Fornell–Larcker criterion results 

 Attitude to 

computer  

Behavior 

intention 

Effort 

Expectancy 

Performance 

Expectancy 

Social 

Influence 

Attitude to 

computer 
0.883         

Behavior 

intention 
0.820 0.831       

Effort 

Expectancy 
0.787 0.725 0.841     

Performance 

Expectancy 
0.773 0.760 0.710 0.871   

Social Influence 0.697 0.666 0.786 0.707 0.886 

 

 

The discriminant validity analysis in this study uses the Fornell-Larcker criteria, which uses the square root of the 

AVE for each latent variable and the correlation coefficient between other variables. In Table 3, the Fornell-

Larcker criteria for discriminant validity are presented by showing the correlation matrix between items (diagonal 

elements represent the square root of the AVE). The observed diagonal element is greater than the other correlation 

values between other latent variables, thus fulfilling the discriminant validity requirements. However, several 

studies have shown that using the Fornell-Larcker criteria is insufficient for discriminant validity analysis. The 

HTMT ratio is required to determine discriminant validity. According to Naveed et al. (2020) and Teo et al. 

(2008), the maximum threshold value for HTMT is 0.9. Table 4 shows the HTMT statistics that support 

discriminant validity. 



 

Table 4.  

Additional validity discriminant measurement results based on HTMT. 

 Attitude to 

computer  

Behavior 

intention 

Effort 

Expectancy 

Performance 

Expectancy 

Attitude to 

computer 
0.805      

Behavior 

intention 
0.847 0.816    

Effort 

Expectancy 
0.808 0.837 0.861  

Performance 

Expectancy 
0.810 0.813 0.855  

Social Influence    0.828 

 

 

4. RESULTS 

 

4.1. Description of respondents and variables 

 

This research is a quantitative research that uses student respondents. The number of samples used is 250 

students who live in Yogyakarta and North Sumatra. This study aims to examine the behavioral intention 

model on e-learning adoption with a high level of anxiety. Questionnaires were distributed to respondents 

who had anxiety levels in e-learning learning and spent a time ranging from 10 to 20 minutes filling out the 

questionnaire. Table 5 shows the data of research respondents, and table 6 describes each research variable. 

 

Table 5.  

Descriptive statistics of respondents 

Items Type Frequency Percentage 

Gender Male 142 56.6% 

Female 108 43.4% 

Age 18–20 52 20.6 % 

21–22 100 40.0% 

23–25 48 19.2% 

26-up 50 20.2% 

Education Bachelor's 156 62.6 % 

Master's 94 37.4% 

 

Table 6.  

Descriptive statistics of variable 

Variable name  Mean  Description 

Anxiety 4.34 Feeling Nervous, anxious, or on edge 

4.38 Not being able to stop or control 

worrying 

Performance Expectancy (PE) 4.28 Have high-performance expectations 

Effort Expectancy (EE) 4.28 A high ease of use 

Social Influence (SI) 4.09 The influence of others is strong 

Attitude to the computer (AC) 4.01 Attitude on the computer is good 

Behavior intention (BI) 4.36 Intention to use high 

 

 

4.2. Evaluating the Structural Model and Hypothesis Testing 

The evaluation of the structural model in Figure 1 shows the hypothetical relationship between the proposed 

variables. The basic model uses the UTAUT theory, which is carried out to determine the Intention to adopt 

e-learning in anxiety conditions. 

 

 

 

 



 

 

 

 

 

 

 

 

 

 

 

Figure 1. The conceptual framework model 

 

Figure 1 shows a structural model based on which has 15 items. The results of the structural model analysis 

are shown in table 7. The suitability of the model generated from Smart-PLS 3 shows acceptable suitability. 

Its R2 value indicates this. According to Venkatesh et al. (2003) and Alghazi et al. (2021), if the R2 value 

greater than 0.67 is considered high, the variance between 0.33 to 0.67 is considered moderate, while between 

0.19 and 0. 33 is considered weak. The proposed model accounts for 71.9% of the variance in Intention to 

use e-learning. Standardized Root Means Square Residual (SRMR) was used to assess the suitability of the 

PLS model. A good fit is defined by an SRMR value of less than 0.10 (Hu & Bentler, 1998). The SRMR 

value in the study was 0.065. Hu & Bentler (1998) show that the model meets the model fit criteria if the 

RMS Theta or Root Mean Square Theta value is < 0.102 and the NFI value is > 0.9. The results of this study 

indicate that the Theta value is 0.021, and the NFI is 0.910. So, it shows a very suitable model. The model 

has reliability and validity and can explain the hypothesized relationship according to the measured R2. Table 

7 shows information about the direct effect on each relationship between variables. 

 

Table 7.  

Hypothesis testing of factors affecting the use of e-learning 

Relationship Path 

Coefficient 

Sample 

Mean 

Standard 

Deviation 

t  

Statistic 

p  

Values 

Decision 

of 

Hypothesis 

Attitude to the computer  

→ Behavior Intention 
0.497 0.492 0.072 6.919 0.000 

Significant 

Effort Expectancy → 

Behavior Intention 
0.108 0.110 0.064 2.693 0.041 

Significant 

Performance Expectancy  

→ Behavior Intention 
0.267 0.270 0.062 4.332 0.000 

Significant 

Social Influence → 

Behavior Intention 
0.047 0.046 0.062 0.746 0.456 

Not 

Significant 

 

 

Table 7 shows the path coefficient values, the standard deviation of the sample mean, t-statistics, and the 

significance level (p-value). Because not all paths have t-statistics greater than 1.96 and p-values less than 

0.05, not all paths show significant results. The results of this study indicate that Attitude to the computer, 

effort expectancy, and performance expectancy significantly positively affects behavioral Intention 

(supporting Hypothesis 1,2,3). Social Influence does not have a significant positive effect on behavioral 

Intention (does not support Hypothesis 4). 

 

 

 

 

 



5. DISCUSSION AND IMPLICATION 

 

The research focuses on behavior intention in using e-learning with anxiety conditions in users. This study 

identifies factors in the UTAUT model that can affect behavior intention in using e-learning. The results of this 

study are broadly consistent with the results of other studies on the acceptance of e-learning technology. There is 

only one path that is not significant, namely social influence. The results of this study indicate that the effect of 

performance expectancy on BI is a significant positive. The result shows that although students are at a high level 

of anxiety due to the obligation to use e-learning, students' perceptions of the ability of e-learning to help to learn 

become good. The results of this study are consistent with the research findings of Venkatesh et al. (2003), Al-

Mamary (2022), and Wijaya et al. (2022). The results of the second research show a significant effect of effort 

expectancy on behavior intention. Students consider that, overall, e-learning is easy to use and does not require 

significant effort to apply. The influence of EE on BI is relatively low, around 10.8%. This means that students 

during the two years of the pandemic and using online learning felt that they were used to this application, so they 

had not experienced many failures in running it. 

The results of this study support (Al-Mamary, 2022); (Venkatesh et al., 2003); (Khechine et al., 2020) and (Wijaya 

et al., 2022). Social influence does not have a significant relationship with BI. This is because e-learning is a 

condition of necessity or involuntariness. So, the presence or absence of the influence of others has no impact on 

the Intention to use because users are forced to use this application (Venkatesh et al., 2003). So that other people's 

influence in using e-learning becomes useless or insignificant. Students will continue to use e-learning even 

though the social influence is not supportive, and vice versa. The results showed that in anxiety conditions, it 

turned out that a good attitude towards computers had the most significant influence in forming intentions to use 

e-learning. An interest in computers can overcome boredom due to using e-learning applications for too long. The 

results of this study are consistent with those of Wijaya et al. (2022), Andrews et al. (2021), and Hussein (2017). 

They confirmed that good intentions and attitudes in computer applications have a significant relationship. 

 

6.  CONCLUSIONS AND LILITATION 

 

6.1. Conclusions 

The primary purpose of this study is to examine behavior intention in a structural model influenced by Attitude to 

computers, PE, EE, and social influence. The results of model testing indicate that the fit model is met, which 

means that the model can explain the various variables used and has good validity and reliability. Three variables 

influence behavior intention: PE, EE, and Attitude to the computer, and one variable, social influence, is not 

significant in influencing behavior intention. 

 

6.2. Limitations And Future Research 

In this study, the sample was limited to students with a high level of anxiety. However, the proposed research 

model has not analyzed the moderating effect of this anxiety. So the researcher cannot justify further related the 

moderating effect of anxiety on each relationship between the observed variables. This study also did not analyze 

the moderating effect of experience. The results of a survey conducted by researchers show that the experience of 

using e-learning is one of the factors that cause students to reduce anxiety in using e-learning. Another limitation 

of this study is that the researcher did not use negative statements in the questionnaire, which might lead to 

inconsistencies in respondents' answers. Further research recommends using other methods such as interviews 

and observation to ensure more specific and convincing results. In future research, it is necessary to conduct 

further research on no significant social influence on behavior intention, and the influence of social influence 

needs to be studied further. 
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Abstract 

This study examines the adoption model of information system by the academic community at universities in 

Indonesia, which involves technology readiness, information quality, innovativeness, usefulness, and leadership 

support. This research explores blended learning in Higher Education after the COVID-19 pandemic. This 

research was conducted under conditions that require the academic community to carry out blended learning. The 

respondents of this study were 300 people consisting of students, e-learning staff, and lecturers in Indonesia. The 

structured questionnaire was made on a five-point Likert scale. This study uses a single trait multi-method. The 

analytical tool used is a structural equation using a two-step approach to SEM. The survey results show that the 

blended learning adoption model is acceptable. The hypotheses proposed in this study were all accepted. 

Technology readiness, information quality, innovativeness, and leadership support significantly affect the 

usefulness and adoption of blended learning. The originality of this research is in using a single trait multi-method 

to bridge several research findings related to the adoption of blended learning, which forces all college academics 

to adopt it. This study's novelty is related to exploring individual internal and external factors in one model to 

predict the successful adoption of blended learning. The use of these two factors is expected to improve the 

prediction of successful adoption of blended learning better. This study will help understand the blended learning 

that must be intensified due to the sudden outbreak and help prepare a roadmap at the policy level that is useful 

for students, lecturers, and e-learning staff in Higher Education.  

Keywords: Innovativeness, adoption information system, and blended learning. 

 

1. Introduction  

The COVID-19 pandemic has forced universities to conduct online or blended learning for the sake of 

continuous learning in the future. The COVID-19 pandemic lasted approximately two years and has changed 

online learning in Indonesia. Two years of this covid pandemic have passed, and students have started wanting 

face-to-face lectures again. Although e-learning has many benefits, it is psychologically wrong. Students lose time 

and playmates. Emotional closeness and intimacy with peers cannot be obtained without face-to-face interaction. 

These students have lost a lot of togetherness and experience while undergoing online lectures. Many students do 

not know each other, even though they are in a learning class. Indonesian people who are famous for their friendly 

nature and mutual help among their citizens grow into idealistic human beings whose tolerance level with each 

other is low. This threatens overall cultural change in Indonesia because learning without face-to-face learning 

begins in early childhood education. The success and sustainability of online learning have also begun to be 

questioned (García-Botero et al., 2018). Since the beginning of the pandemic, many universities have implemented 

face-to-face and online learning. Blended learning has become the most potential teaching strategy in education. 

The blended learning strategy has also been carried out by many universities in Indonesia and has increased the 

interest of researchers to research more about the sustainability of blended learning (Abbasi et al., 2020). 

According to Jowsey et al. (2020), blended learning combines traditional teaching and face-to-face 

online. In blended learning, the teaching model is student-centered by combining the advantages of online 

learning, such as resource sharing, resources, flexibility, timely updates, and traditional teaching activities. The 

successful implementation of blended learning requires practical leadership support in managing an organization 

in a university. Day & Dragoni (2015) found that leadership understanding is still lacking in consideration of 

relevant ideas and indicators of online learning development. Regarding online learning during a pandemic, 

according to Wilde & Hsu (2019), Student-teacher interactions are bridged by design and technology and can 

significantly affect learning effectiveness (Bower, 2019; Gonzalez et al., 2020). Effective online learning must be 

carefully designed and planned (Bower, 2019). During the Covid-19 pandemic, the existence of information 

technology has changed educational innovation. The E-learning learning model dominates the implementation of 

learning at this time. Face-to-face learning in higher education has developed into a distance and online-based 

system (Klašnja-Milicevic & Ivanovi c, 2021). 

This opportunity from the ease of learning and innovation in the field of education creates a new system, namely 

e-learning or blended learning. This system is one of the crucial topics in the development of learning in a country's 



education field. Indonesia has many universities, and Yogyakarta is one of the city centers for its students. 

Universities in Yogyakarta have started to implement blended learning in their learning process. However, the 

adoption of e-learning itself requires a high level of readiness (e-readiness) on the part of universities, students, 

and lecturers (Wilde & Hsu, 2019). E-learning technology, if used effectively, can form a collaboration between 

students and teachers (Bower, 2019; Gonzalez et al., 2020). The effectiveness of blended learning is also highly 

dependent on user acceptance (Tarhini et al., 2017). The success of implementing hybrid learning is not only 

influenced by the readiness of universities to implement blended learning but also requires contributions from 

institutions, namely the quality of information management systems owned by universities. The ease of acceptance 

of online learning, supportive university leaders, and the perception of benefits felt by all higher education 

academics can also affect the success of blended learning. The delay in adopting blended learning has become a 

mainstream and growing concern in higher education (Kanwal & Rehman, 2017). Investment in educational 

technology should be the best thought because of the emergence of high competition, and the number of students 

concerned with information technology is also increasing (Sabelli & Harris, 2015; Mehta et al., 2019). Rogers et 

al. (2005) stated that the sustainability of innovation diffusion could be achieved when the abnormal period has 

passed and information technology adopters have become independent. Unfortunately, most adoption of hybrid 

learning from teaching practice in higher education failed to pass the critical period or point (Adiyarta et al., 2018). 

The failure to adopt blended learning innovations in academics in university teaching activities is faster due to the 

internet revolution on campus than anticipated. The need for high-speed computer and internet technology in 

universities will quickly generate interest. On the other hand, it also raises resistance to using information 

technology in university teaching practice (Kisanga & Ireson, 2015; El-Masri & Tarhini, 2017). 

Research on the adoption of blended learning is interesting to study because the post-pandemic has forced all 

universities across the country to adopt and adapt to hybrid learning. However, technological innovation and the 

use of blended learning systems at universities in Indonesia, especially in the Special Region of Yogyakarta and 

South Sumatra, are still lagging in applying systems applications for online-based education. Many universities 

in Yogyakarta and South Sumatra have not prepared special e-learning applications. This university is still using 

e-learning platforms on the Internet, namely the zoom application and google-meet. Most of them still use 

applications that are not paid (Sugandini et al., 2022). Thus, the overall adoption of e-learning in universities is 

no longer a question and can become the main focus of researchers in education and technology user behavior. 

Implementing blended learning in the new normal is essential for further analysis because, in the future, blended 

learning will become a new chapter of learning activities that all universities must carry out (Smith & Bukit, 

2019). The readiness of blended learning infrastructure, information systems, and support from higher education 

leaders must be available for successful blended learning. In addition, the innovation of blended learning users 

also needs to be improved. Users of e-learning/blended learning must ensure that e-learning technology in blended 

learning has many benefits (Saichaie, 2020). This study aims to analyze several antecedents of successful adoption 

of blended learning so that it can be successfully applied in learning systems throughout Indonesia. This research 

analyzes the adoption of blended learning to create sustainable learning in times of crisis. In addition, this research 

also has a preliminary study to analyze the effect of organizational readiness to implement blended learning, the 

quality of higher education information systems, perceptions of the benefits of e-learning for the entire academic 

community, and leadership support to adopt blended learning. 

This research was conducted at Higher Education in Yogyakarta and South Sumatra, Indonesia. The scope of this 

research is on adopting blended learning technology for learning during the new standard period of the Covid-19 

pandemic. This research has a novelty that can be proposed related to the type of study conducted using the Single 

trait multi-method. Single trait-multimethod is research using one trait (instrument) measured from several 

methods (respondents). In this study, the respondents used to analyze and measure the variables related to e-

learning were students, lecturers, and faculty e-learning staff. Single trait-Multimethod allows the measurement 

used in the research to be truly valid. The proposed model reflects the actual situation of the factors that influence 

the adoption of e-learning. Several studies have reported internal problems faced by students and lecturers related 

to innovativeness (Kim & Park, 2017) and the perceived benefits of using blended learning Zhu et al., (2018). 

External problems of individuals in adopting blended learning are related to their educational institutions, namely 

readiness to use e-learning, quality of information systems, and leadership support. Several factors that influence 

the adoption of blended learning are observed from the perspective of students, lecturers, and educational 

institutions. This study also intends to identify what factors still have the weakest and inconclusive influence when 

predicting the successful adoption of mixed learning. Furthermore, recommendations for new directions for future 

research will be set. Gao et al. (2020) also suggest that traditional teaching methods in the form of face-to-face 

and online learning each have advantages. The combination of these two learning methods needs to be done to 

increase the excellence of learning today. Testing the effectiveness of the blended learning approach also needs 

to be done to oversee its successful adoption. Because the practice of hybrid learning in higher education on 

several related types of research has also increased in recent years. Investigations on students' internal and external 

factors in hybrid learning are still limited, so further research is needed. 

 



2. Literature Review and Hypotheses 

2.1. Blended Learning Adoption 

According to Kacetl & Semradova (2020), blended learning is a combination of face-to-face and online-based 

learning activities that are carried out intentionally to support and make learning successful. In recent years, 

blended learning has multiplied in the higher education sector. The results of previous studies have shown that 

blended learning has several advantages, including flexible time management, ease of discussion with fellow 

students and lecturers, more efficiency, adaptability to learning patterns with differential instruction, and increased 

involvement in learning materials (Du et al., 2022). 

Cao et al. (2021) show that Blended learning has two instructional components: face-to-face and online. The two 

models are combined into one. The face-to-face implementation between students and lecturers will change online 

automatically. The practice of Blended learning will make it easier for students to organize and manage their 

assignments using computers based on information technology (Lu & Wang, 2022). Elgohary et al. (2022) have 

shown that from the results of research from several researchers, blended learning can provide several advantages 

over face-to-face or fully online learning. This is because blended learning has a more comprehensive 

understanding pattern of interrelated aspects of various disciplines. Thus, it can increase students' motivation and 

willingness to do blended learning. Blended learning also produces a better level of independence in the learning 

process and interaction between lecturers and students and supports knowledge exchange. 

A study by Nambiar (2020) showed that 87.1% of students who liked traditional face-to-face learning were, and 

the remaining 12.9% preferred online learning. Abbasi et al. (2020) also confirmed the study's results by 

highlighting that students are not yet ready to accept e-learning fully. However, Elgohary et al. (2022) show that 

online learning is becoming teaching that is more attractive to students. In their meta-study, Gonzalez et al. (2020) 

stated that students who did hybrid learning had a better success rate than students in traditional classes. Elgohary 

et al. (2022) also added that students' readiness for hybrid learning activities in higher education is better because 

they explore their technical skills. 

Chen & Yao (2016) stated that the success of blended learning is also influenced by student satisfaction when 

learning. Student satisfaction is important as a predictor in assessing the mixed learning model's effectiveness and 

the student's intention to continue using mixed learning. Suwannaphisit et al. (2021) proposed that blended 

learning that combines online and face-to-face teaching can improve learning efficiency and student and lecturer 

satisfaction. Combining the best traditional and online learning can create better effectiveness than traditional 

learning (Du et al., 2022). Unfortunately, not all studies show the same results. Suwannaphisit et al. (2001) found 

that students' learning experiences in traditional teaching methods were more satisfying than in mixed learning. 

 

2.2. E-learning Readiness 

Shirahada et al. (2019) states that technology readiness is the desire of universities to use new technology and 

prepare adequate infrastructure facilities to support the achievement of successful use of technology. Blut & Wang 

(2020) suggest that technology adoption is a complex activity that requires well-established readiness from an 

institution. Shirahada et al. (2019) shows that technology readiness has a strong impact in predicting the adoption 

of online learning. However, Shirahada et al. (2019) also stated that the relationship between these two variables 

still requires further analysis. Kim et al. (2019) shows that innovation plays an important role in the ability of 

universities to prepare technology. on the other hand, the insecurity factor can also hinder the readiness of 

technology adoption for students and lecturers. When talking about technology readiness, we must not forget 

about user behavior because both remain important factors in technology adoption. So when observing user 

behavior, internal factors (e.g., personality, learning) and external factors (e.g., social status, culture) also need to 

be considered when exploring technology readiness. The goal is to effectively study student interest in adopting 

new technologies (Shirahada et al., 2019). 

Hypothesis 1: e-Learning readiness has a direct effect on perceived usefulness 

Hypothesis 2: Technology readiness has a direct effect on blended learning adoption 

 

2.3. Innovativeness  

Kim & Park (2017) show that personal innovativeness is an internal factor in predicting the adoption of the most 

frequently used innovation. Serdyukov (2017) defines innovativeness as an individual's decision to respond to 

innovation freely and without being influenced by others. These individuals make innovative decisions not based 

on the experiences of others. Someone with a high level of innovation will certainly have good internal motivation 

to adopt new technology (Ni, 2013). OECD (2014) shows several research results related to the success of 

information technology systems, which also depend on one's internal factors. 

On the other hand, innovativeness plays an essential role in determining the use of new technologies. 

Innovativeness refers to a person's tendency to be both a novice and a leader in using technology. Other research 

on innovation has also shown that individual internal characteristics have a relationship with novelty-seeking 

behavior and creativity, such as new product adoption (Blut & Wang, 2020). Thus, someone with a high level of 

innovativeness tends to show a high interest in trying new technologies, and this individual is an innovator or 



early adopter. Individuals with high innovativeness will be optimistic and happy with technology, see more of the 

benefits of specific technologies, and worry less about the negatives (Blut & Wang, 2020). Shaqrah & Almars 

(2022) also show a strong and positive influence between innovativeness and intention to adopt intelligent sensor-

based services. High innovativeness has an impact on increasing the perception of the usefulness of technology. 

This research positions innovativeness as an antecedent of blended learning technology. 

Hypothesis 3: Personal Innovativeness affects the perceived usefulness. 

 

2.4. System Quality 

Dimah Al-Fraihat et al. (2020) show that system quality is related to information system features, availability, and 

reliability. The quality of learning information systems is usually seen in interactive features, communication 

components, assessments, and activities that vary in learning styles. The quality of this system also pays attention 

to ethical and legal issues that arise in the e-learning system. Cidra et al. (2020) show that e-learning users have a 

good experience with e-learning because the quality of the e-learning system they use can run well (Ahn et al., 

2004). Elkaseh et al. (2016) argue that the system's quality in e-learning is a collection of systems that are easy to 

use, have clear navigation, and have easy to structure accessibility interfaces to streamline user tasks (Cidral et 

al., 2020). Tarhini et al. (2017) also show that several previous studies on e-learning have had a good significance 

level of the role of information system quality in influencing e-learning user satisfaction. 

Hypothesis 4: System quality has a direct effect on perceived benefits 

Hypothesis 5: System quality has a direct effect on blended learning adoption 

 

2.5. Leader Support. 

Leadership support is the level of understanding in justifying the importance of information systems for their 

institutions, according to Al-Mamary & Shamsuddin (2015); Nicholas-Omoregbe et al. (2017). This leader's 

support is also related to an adequate resource allocation strategy to support and encourage students and lecturers 

to use technology managers are usually the main decision-makers, adopting information systems for 

organizational effectiveness. (Achieng & Jagero, 2014), making the manager's role more critical to innovation 

success. Managers make all decisions from daily operations to future investments, so their role directly affects the 

IT adoption process (Al-Mamary & Shamsuddin, 2015). A better understanding of IT adoption and managers' 

innovation is critical to successful implementation (Aykol & Leonidou, 2014). Matikiti et al. (2018) stated that a 

manager's sound knowledge of innovation affects the adoption of an innovation system (Dalvi-Esfahani et al., 

2018). 

Hypothesis 6: Leadership support has a direct effect on Perceived Usefulness 

 

2.6. Perceived Usefulness (PU)  

Rogers (2005) defines innovation as "a new idea, practice, or object perceived as new by the target individual or 

community." Associated with web-based learning technology and e-learning, according to Hoehle et al. (2015), 

this e-learning technology can be seen as innovative learning. The technology in e-learning is an information 

technology infrastructure-based technology, so the Information and Communication Technology adoption model 

can be used to help explain the adoption of e-learning technology. Davis (1989), in his TAM model, explains and 

predicts the behavior and intentions of users in adopting technology. Two factors that play a role in determining 

technology adoption in TAM are perceived benefits and perceived convenience (Zhu et al., 2018). The TAM 

model shows that PU is defined as the level of trust of innovation users that technology can provide more benefits 

for them. Hoehle et al. (2015) demonstrated an expanded TAM-based framework in predicting the factors 

influencing e-learning adoption during Covid-19 among Higher Education students. Nikou & Ecoides (2017) 

show that perceived benefits can indicate the level of technology adoption from users. In the case of online 

learning, PU significantly affects the adoption of e-learning in learning (Ramírez-Correa et al., 2015). Sukendro 

et al. (2020) show that PU can increase student confidence in online learning performance during Covid-19. Gao 

et al. (2020) added that PU also had a significant positive effect on adopting e-learning during Covid-19. Gao et 

al. (2020) also stated that PU is a determining variable that has a significant effect on the success of online learning. 

Unfortunately, some of the factors proposed in predicting user behavior tend to be technology. Gao et al. (2020) 

propose a more comprehensive framework that involves the presence of students, lecturers, technology design, 

and the environment that can affect student acceptance of e-learning technology. Student satisfaction with online 

learning in a mixed learning environment is also a finding from the research of Gao et al. (2020). Chen & Yao 

(2016) added that related to technology design, PU is an essential factor in understanding online learning 

satisfaction (Chen & Yao, 2016); (Davis, 1989). Gao et al. (2020) show that several previous researchers have 

established TAM as an appropriate model to predict student satisfaction in mixed learning environments. TAM 

can predict student attitudes to mixed learning in various countries, and the PU in the TAM model can increase 

students' interest in focusing on blended learning content (Chen and Yao, 2016). 

Hypothesis 7: Perceived Usefulness has effects on blended learning adoption 

 



3. Research Methodology  

3.1. Research Design 

 

This study uses a deductive approach based on a theoretical relationship between concepts, followed by 

developing hypotheses tested in empirical studies (Sekaran & Bougie, 2016). Data were obtained through a survey 

using a questionnaire. This study uses a survey approach because it pays attention to several indicators that explain 

the existence of the phenomenon under study (MacKenzie & Lutz, 1989). The main strength of the survey method 

is its diversity because all abstract information can be collected by asking other people (Cooper & Schinler, 2014). 

The variables in this study are e-learning readiness, Innovativeness, quality of information systems, leadership 

support, and public works that affect the adoption of online learning in Higher Education. This research uses the 

Singletrait-Multimethod, where the type of data used is primary data. The unit of analysis used is the triad. The 

units of analysis are students, Faculty, e-learning staff, and lecturers. The number of respondents is 100 each, so 

the total number of respondents is 300 who are academics at Universities in South Sumatra and the Special Region 

of Yogyakarta, Indonesia. The criteria for the respondents are that all respondents are involved in using e-learning 

at the faculty. Primary data were obtained through in-depth personal interviews and filling out questionnaires. The 

questionnaire was made based on a five-point Likert scale.  

The sample size of 300 is considered to have met the size of the sample adequacy if the data were analyzed using 

structural equation modeling techniques. According to Hair (1989), the sample size is at least 5-10 times the 

estimated parameters. In this study, the estimated parameters for the explanatory variables were 22. Thus, the 

sample size in this study was met. 

 

3.2. Research variables 

 

The first independent variable in this study is E-learning readiness. According to Park & Zang (2021), E-learning 

readiness is a level where a community is prepared to participate in a global network. The E-readiness model is 

designed to simplify obtaining the basic information needed to develop e-learning. The indicators for measuring 

the e-learning readiness variable from Park & Zang (2021) are as follows: (1) adequacy of hardware facilities. (2) 

Adequacy of software facilities. (3) Internet access speed is satisfactory. (4) I have access to a computer whenever 

I need it. The second independent variable in this study is innovativeness. Innovativeness is a rating of the speed 

with which individuals adopt e-learning innovations compared to other system members (Groza et al., 2021). 

Agarwal & Prasad (1997) use indicators to measure this variable: (1) Other students come to me to learn new 

digital learning technologies. (2) Generally, I use the latest digital learning technology before anyone in my group 

uses it. (3) Always update yourself with the latest technology for digital learning. (4) I do not need help knowing 

the latest digital learning technology. 

The third independent variable in this study is the quality of the information system. Information system quality 

is the degree to which individuals believe that information technology (e-learning) is doing its job well. 

Information quality is a fundamental variable in system design. To measure the quality of information, Blut & 

Wang (2020) use several indicators to measure this variable as follows: (1) E-Learning has easy-to-operate 

navigation. (2) e-Learning has a clear flow of use. (3) Ease of access to the e-learning learning process. (4) E-

Learning has access speed. (5) The academic monitoring process on e-learning has met security standards.  

The fourth independent variable in this study is the leader support. Prause (2019) defines college leadership 

support as support from a leader who implements a technology plan and also shares the vision with teachers and 

stimulates teachers to use technology in their lessons. Prause (2019) uses indicators to measure this variable: (1) 

Leaders will invest funds in blended learning technology. (2) Leaders are willing to take risks in adopting blended 

learning. (3) Leaders are interested in adopting blended learning. (4) Leaders consider the adoption of blended 

learning as strategically important. (5) Leaders articulate the organization's vision or strategy in blended learning 

technology.The first dependent (endogenous) variable used in this study is the adoption of blended learning. 

According to Aguilera-Hermida (2020) and Elgohary et al. (2022), adopting blended learning is a user acceptance 

process and e-learning technology. The indicators to measure this variable are as follows: (1) Continue to use the 

blended learning system in the future. (2) If I have the opportunity to take another course through this mode, I 

will gladly do so. (3) I would recommend that other students use a blended learning platform in the classroom 

(Gao et al., 2020). The second endogenous variable that also functions as a mediating variable is the perceived 

usefulness of e-learning. Davis (1989) defines perceived usefulness as the degree to which a person believes using 

a particular system will improve job performance or the subjective likelihood that using technology will improve 

how users complete a given task. Khan et al. (2020) used several indicators to measure this variable: (1) Learning 

through a blended learning platform provides students the flexibility to study conveniently. (2) A blended learning 

platform allows people to learn regardless of where they are. (3) Using a blended learning platform makes it easier 

for students to take tests and submit assignments electronically. (4) Using a blended learning platform helps to 

complete learning effectively. 

 



3.3. Data analysis technique 

 

This research uses the Structural Equation Modeling (SEM) technique using AMOS 26 to test the hypothesis. 

SEM-AMOS is used because it has advantages in predicting the relationship of several interrelated variables. 

SEM-AMOS can show concepts that cannot be observed and measurement errors in the estimation process (Hair 

et al., 1998, Byrne, 2001). This research uses a single-trait-multimethod which shows that one trait (i.e., the object 

being analyzed is e-learning). This single-trait-multimethod is responded to or assessed by several methods 

indicated by three types of respondents: students, e-learning staff, and teaching lecturers. Single trait-multimethod 

is intended to better measure external validity in predicting e-learning adoption from various users. 

 

3.4. Hypothesis Testing and Causal Relationships 

 

This research uses standardized regression weights' CR (Critical Ratio) to observe the direct effect. The CR 

greater than two or a t-count greater than a t-table indicates a significant level of the existing relationship. 

Observation of the causal relationship between variables is seen from the direct, indirect, and total effect of the 

output of the AMOS program. The AMOS program can overcome the problem of identification in the analyzed 

model. Hair et al. (1998) showed that SEM-AMOS could test the model by considering the Goodness of Fit 

criteria. The goodness of fit criteria in SEM-AMOS form three groups: absolute fit measure, incremental fit 

measure, and parsimonious fit measure. Interpret the results of the latent construct measurement in the SEM-

AMOS model referring to the significance level of the loading factor or lambda coefficient (λ). The relationship 

is considered significant if the p-value is ≤ 0.05. SEM-AMOS can test a complete model of successful adoption 

of blended learning derived from all constructs and indicators. The influence between variables was observed with 

the path coefficient (standard regression), direction, magnitude, and significance. The significance assessment is 

based on the probability value (p), the significance limit used is a p-value of ≤ 0.05. 

 

4. Data analysis and results 

 

Characteristics of respondents are a description of the presence of respondents in the research area. This study 

uses 300 respondents to analyze the adoption of e-learning from the perceptions of some users. This study took 

respondents using e-learning in universities, including students, lecturers, and e-learning staff at the Faculty. The 

description of respondents can be seen in table1. 

Table 1.  

Socio-Demographic Characteristics of the Respondents 

No Demographic Characteristics 
e-learning staff Teachers Student 

Total % Total % Total % 

1. 

Gender       

Male 65 65 54 54 47 47 

Female 35 35 46 46 53 53 

2. 

Age       

< 25 years old   4   4 - - 100 100 

25 years - 30 years 10 10 12 12 - - 

31 years - 35 years 30 30 63 63 - - 

> 35 years old 56 56 25 25   

3. 

Length of time using e-learning       

Two years 13 13 10 10 20 20 

2-5 years 76 76 80 80 72 72 

> 5 years 11 11 10 10   8   8 

4. Internet Usage Frequency       

 < 1 Hour   3  3 7  7   5   5 

 1-2 Hours 32 32 26 36 36 36 

 > 2-3 hours 27 27 30 30 27 27 

 > 3-4 Hours 20 20 25 25 12 12 

 > 4 hours 12 12 12 12 20 20 

5. Type of e-learning used.       

 University e-learning 20 20 9 9 15 15 

 Zoom Meeting 42 42 46 46 45 45 

 G-meet 38 38 45 45 40 30 

 

 



4.1. Validity analysis 

 

This research uses SEM-AMOS to analyze confirmatory factors. The six primary constructs, innovativeness, 

e-learning readiness, information system quality, leadership support, perceived usefulness, and e-learning 

adoption, have 22 questions. Confirmatory factor analysis was conducted to test construct validity. The analysis 

results show that of the twenty-two questions or instruments used in this research, they have a good level of 

validity because they have a factor loading of  0.5 (MacLean & Gray, 1998). The results of measuring factor 

loading for each item and construct using confirmatory factor analysis can be seen in Table 2. 

 

Table 2.  

Factor Loadings for each item and construct with Confirmatory Factor Analysis 

 

 

4.2. Reliability Analysis 

 

This research resulted in an excellent internal consistency reliability test of each proposed construct 

because it has a Cronbach's Alpha coefficient of 0.7 (Hair et al., 1998; Sekaran & Bougie, 2016). Cronbach's 

Alpha internal consistency test was conducted to test construct reliability and required variance extraction. 

Both internal consistency tests can increase researchers' confidence that the indicators used to measure the 

construct already have the correct size. The results of the instrument reliability test with construct reliability 

and extracted variance showed a reliable instrument, which was indicated by a construct reliability value 

above 0.7. The results of the calculation of the reliability construct and variance extract can be seen in Table 

3 below. 

 

Table 3.  

Calculation of Reliability and Variance Extracted 

 

No 

  

Construct  

  

Reliability / 

Internal Consistency 

> 0.6  

Variance 

Extracted 

Construct 

Reliability 

> 0.5 > 0,7 

1 Innovativeness 0.763 0.863 0.961 

2 E-learning readiness 0.819 0.916 0.978 

3 System quality 0.846 0.907 0.954 

Construct Indicator Components/Factors 

1 2 3 4 5 6 

Innovativeness 

 

INN1 0.760      

INN2 0.744      

INN3 0.571      

INN4 0.549      

E-learning 

readiness 

 

ELR1  0.750     

ELR2  0.873     

ELR3  0.694     

ELR4  0.817     

Information 

system quality 

SQ1   0.793    

SQ2   0.745    

SQ3   0.858    

SQ4   0.877    

Leadership 

support 

 

LS1    0.722   

LS2    0.780   

LS3    0.711   

Perceived 

Usefulness 

 

PU1     0.870  

PU2     0.878  

PU3     0.896  

PU4     0.954  

Adoption blended 

learning 

Adopt1      0.665 

Adopt2      0.857 

Adopt3      
0.824 



4 Leadership support 0.841 0.900 0.964 

5 Perceived Usefulness 0.903 0.951 0.983 

6 Adoption blended learning 0.813 0.914 0.969 

 

 

4.3. A two-step approach to SEM evaluation 

This research uses a two-stage SEM. The first is estimating the measurement model, and the second is 

estimating the structural model. Before processing the data using AMOS 26, the magnitude of the error ()  

is calculated using the formula 0.1 times 2 and lambda () terms using the formula 0.95 times  (Anderson 

& Gerbing, 1988). After the error () and lambda () terms are known, these scores are entered as parameters 

in the analysis of the SEM measurement model. The results of the calculation of the standard deviation, 

lambda, and error term construct with the steps of a two-step approach are shown in Table 4. 

 

Table 4.  

Standard Deviation, Lambda, and Error terms 

 Construct

   

Standard 

Deviation () 

Lambda 

() 

Error 

() 

Innovativeness 0.39 0.22 0.039 

E-learning readiness 0.82 0.62 0.091 

System quality 0.84 0.67 0.077 

Leadership support 0.24 0.10 0.020 

Perceived Usefulness 0.79 0.71 0.035 

Adoption blended learning 0.68 0.37 0.118 

 

The results of testing with the structural equation model with the AMOS 26 program can be seen in 

Figure 1. Evaluation of the results of testing the model can be seen in Table 5. 

 

Table 5.  

Evaluation of Criteria for Goodness of Fit Indices 

Criteria Results Critical Value *) Model Evaluation 

Cmin/DF 1.174 ≤ 2.00 Excellent 

Probability 0.070 0.05 Excellent 

RMSEA 0.081 0.08 Excellent 

GFI 0.979 0.90 Excellent 

TLI 0.938 0.95 Excellent 

CFI 0.979 0.94 Excellent 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 1. The Blended learning adoption model 



 

The evaluation results of the proposed model show that all of the criteria used are good, meaning that the proposed 

model is good and acceptable. Furthermore, Table 6 shows the relationship between variables and the results of 

testing the proposed hypothesis. 

 

Table 6. 

Path Coefficient (Standardize Regression) between Variables 

Path 
Path 

Coefficient 

CR 

 

Probability 

(p) 
Hypothesis 

Innovativeness ➔ PU 0.224 2.658 0.008 Supported 

E-learning readiness ➔ PU 0.297 4.686 *** Supported 

E-learning readiness ➔ Adoption BL 0.144 2.159 0.031 Supported 

System Quality ➔ PU 0.284 2.944 0.003 Supported 

System Quality ➔ Adoption BL 0.365 4.727 *** Supported 

Leader Support ➔PU 0.557 4.686 *** Supported 

PU ➔ Adoption BL 0.467 7.822 *** Supported 

 

Hypothesis testing (alternative) is done by comparing the probability (p) value. The hypothesis is said to be 

significant if the p-value is  0.05. With these criteria, it can be seen that all paths are significant.  

 

5. Discussion and implications 

This study uses the Single trait multi-method. Data were collected from 300 academics at universities in 

Yogyakarta and South Sumatra, Indonesia. The analysis results show that the questions presented are valid and 

reliable. Innovation, E-learning readiness, system quality, and leadership support significantly positively affect 

the Perceived Usefulness and adoption of blended learning. In other words, when students consider the blended 

learning platform to have good quality and value, students and the campus academic community feel the many 

benefits that can be obtained from blended learning. They are ultimately willing to use blended learning on an 

ongoing basis. The effect of readiness in e-learning/blended learning can also increase the adoption's success. A 

good significance value indicates this. E-learning readiness can increase e-learning benefits and adoption. The 

literature shows that higher technology readiness can increase intention and actual use (Blut & Wang, 2020). TAM 

also shows that the higher the technology readiness level, the more valuable the technology will be and easier to 

use, so the more likely they will use it. Thus, the usefulness of mediates e-learning readiness concerning adoption, 

and these results are consistent with Hoehle et al. (2015) and Zhu et al. (2018). 

This study's faster rate of personal innovativeness increased the acceptance of e-learning technology and the 

perception of the benefits of blended learning. The results of this study are consistent with previous studies (Dimah 

Al-Fraihat et al., 2020; Elgohary et al., 2022). This study also finds that perceived benefits significantly impact 

the successful adoption of blended learning. This shows that universities, students, and lecturers share the same 

passion and pay attention to the practical value of blended learning platforms. When students think that the quality 

of the platform is more attractive, easier to use, and more useful for interaction with teachers, other students, and 

learning content, students are more likely to show positive emotional reactions to blended learning. This study 

shows that the effect of e-learning readiness is lowest in predicting the success of blended learning adoption.  

This is because many universities do not provide digital platform infrastructure. University students, lecturers, 

and e-learning staff are still using the e-learning platform provided on the Google platform. Whether or not 

universities are ready for e-learning infrastructure does not affect students' perceptions of blended learning on 

campus. Unless the campus has prepared its e-learning platform in learning, the possible effect of infrastructure 

readiness can determine the adoption of blended learning. 

The results of this study also show that the support of higher education leaders is the most significant 

determinant of the success of e-learning adoption. This is natural because the decision of higher education 

institutions to adopt blended learning is entirely under the authority of the leadership. The leaders at universities 

in Indonesia have a high commitment to the success of blended learning, considering the COVID-19 pandemic 

still haunts human life in the current new-normal era. PT must carry out blended learning to overcome the risk of 

the emergence of COVID-19 or other risks. Blended learning is expected to overcome learning in critical 

conditions because it is more flexible than online and face-to-face learning. In this study, perceived benefits highly 

impact the successful adoption of blended learning. This is in line with previous research (Hoehle et al., 2015). 

Zhu et al. (2018) also show that Perceived usefulness significantly predicts the adoption of technology use (Nikou 

& Ecoides, 2017) and has a significant relationship with the adoption of using e-learning during Covid-19 

(Sukendro et al., 2020). 

The results of this study indicate that the perceived quality of information from e-learning significantly affects 

the perceived benefits and adoption of blended learning. This shows that high quality means that the benefits 

obtained by using technology are also high. Quality is the primary driver of technology adoption. People who are 



comfortable using technology increase the perception of higher quality and usefulness of technology as well. This 

perceived quality is consistent with their belief in the technology and willingness to adopt it. The results of this 

study are consistent with those (Dimah Al-Fraihat et al., 2020), Cidral et al., (2020), and (Elkaseh et al., 2016). 

 

6. Conclusion  

The development of technology for providing educational services and the Covid-19 pandemic requires 

students to interact more with blended learning technology. This study has several practical implications for 

Indonesia's blended learning education system. Higher education leaders are expected to consider using blended 

learning technology more effectively. This study proposes seven hypotheses, and all are accepted. Descriptive 

data shows that there is solid organizational support in the implementation of blended learning. Universities have 

prepared both hardware and software that support blended learning smoothly. This e-learning readiness also has 

full support from university leaders. Strong leadership support in blended learning can increase technology 

convenience and readiness. 

 

7. Limitations and Future Research Directions  

 

This study uses cross-sectional data to observe the adoption of blended learning in several universities. It has 

been proven that technology readiness, good system quality, and leadership support can make blended learning 

adoption successful. Perceived ease and innovativeness were also found to influence the successful adoption of 

blended learning.  E-learning readiness has a minor effect on the adoption of blended learning, so it is hoped that 

it can be re-examined to confirm its effect on the adoption of blended learning. A longitudinal research approach 

should be carried out to observe the application of blended learning before the pandemic, during the pandemic, 

and after the new normal of the COVID-19 pandemic. This longitudinal study should explore the differences 

between the academic community in adopting blended earnings to obtain comprehensive knowledge. This study 

examines readiness in e-learning, leadership support, and the quality of the e-learning/blended learning system in 

predicting the adoption of blended learning as a variable that is beyond individual control. In addition, this study 

also analyzes internal factors in adopting blended learning, namely inventiveness and the perceived benefits of 

using blended learning by the entire academic community of higher education. Theoretically, this study extends 

the TAM model using technology readiness constructs. Another theoretical implication is that this study applies 

TAM in a mandatory adoption environment. This study used respondents from three groups in the campus 

academic community. Namely: students, lecturers, and e-learning staff. However, this study did not differentiate 

the results of each group. 

Further research should further analyze these groups' roles in adopting blended learning. Thus, the data 

obtained will be more focused. Further research can also explore other external and internal factors affecting 

technology readiness to adopt the mandatory system. 
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E.  PERAN MITRA: Tuliskan realisasi kerjasama dan kontribusi Mitra baik in-kind maupun in-cash (untuk 

Penelitian Terapan, Penelitian Pengembangan, PTUPT, PPUPT serta KRUPT). Bukti pendukung realisasi 

kerjasama dan realisasi kontribusi mitra dilaporkan sesuai dengan kondisi yang sebenarnya. Bukti dokumen 

realisasi kerjasama dengan Mitra diunggah melalui BIMA. 

 

Penelitian ini tidak memiliki mitra 

 

F. KENDALA PELAKSANAAN PENELITIAN: Tuliskan kesulitan atau hambatan yang dihadapi selama 

melakukan penelitian dan mencapai luaran yang dijanjikan, termasuk penjelasan jika pelaksanaan penelitian 

dan luaran penelitian tidak sesuai dengan yang direncanakan atau dijanjikan. 

 

Kendala pada saat publikasi, perjalanan artikel dari tahap submit, review, accepted dan terbit tidak dapat diprediksi 

peneliti. 

 

G. RENCANA TAHAPAN SELANJUTNYA: Tuliskan dan uraikan rencana penelitian di tahun berikutnya 

berdasarkan indikator luaran yang telah dicapai, rencana realisasi luaran wajib yang dijanjikan dan 

tambahan (jika ada) di tahun berikutnya serta roadmap penelitian keseluruhan. Pada bagian ini 

diperbolehkan untuk melengkapi penjelasan dari setiap tahapan dalam metoda yang akan direncanakan 

termasuk jadwal berkaitan dengan strategi untuk mencapai luaran seperti yang telah dijanjikan dalam 

proposal. Jika diperlukan, penjelasan dapat juga dilengkapi dengan gambar, tabel, diagram, serta pustaka 

yang relevan. Pada bagian ini dapat dituliskan rencana penyelesaian target yang belum tercapai. 

 

Tahap selanjutnya untuk penelitian di tahun ketiga, meneliti tentang keefektifan e-learning bagi civitas akademika 

universitas, dan strategi untuk meningkatkan keefektifan e-learning sebagai alternatif pembelajaran yang 

dipadukan dengan pembelajaran offline 
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